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Dietary intake assessment using new technology
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Self-monitoring dietary intake using applications
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+ Data entry

 Food identification (what is it?)
* Food description (details)

+ Food composition (databases)
* Nutrient and food outputs

« Lack of customization

+ Lack of validation
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Set personal goals
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Most semi-automatic, still need text needed
Before and after photo
Angles important

Challenges with recipe dishes
-segmentation needed
Smartphone or wearable

Meal Image

"TADA color fiducial marker

The Use of Contextual Information

Personalized
Learning
Model

* Time-based food consumption frequency

Manual identification of foods
Automated identification
Comprehensive food composition DB
Portions by weights or measures
Intakes estimated from photos
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Automated reports generated
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« Ability to add missing foods

* Ability to add custom recipes /. 7

« Records dietary supplements == wa: e
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+ App v. 3 day diary: Difference in energy intake estimates

Calorie Counter by FatSecret
Calorie Counter Pro My Net Diary
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Figure 4. Percentage weight change (M=SE) by percent-

Figure 2. Percentage weight change (M*=SE) at all time
age of time adherent to self-monitoring during active

points by treatment group

treatment Note: As predicted by a linear mixed model Am J Prev Med. 2012 Jul43(1:20~6
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